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ML engineers’ lives can be challenging

● Data quality and availability
● Model selection and tuning
● Model interpretability 
● Work in a team
● Keeping up with new technologies



Data

Ingest: prepare data 
for downstream 

pipeline

Curate: Choose only 
the parts of the data 
that fit your needs

Annotate: Label your 
data

Experiments

Code: Define model 
architecture and 

training loop

Train / Tune: Run the 
training process on 

infra

Track & Evaluate: 
review and select best 
model for production

Models

Containerize: Wrap 
model and env to make 

it production-ready

Deploy: Make your 
model accessible 
(ideally via CI/CD)

Monitor: Check 
performance to 
debug/retrain

Collect production data

The current solution 



Who am I 

● Lead Product Manager at Dagshub

● Ex software engineer

● Making simple dev-tools a passione

● Love crossfit & my puppy hippo



What is mlops 

The set of practices and technologies that enable the 
development, deployment, and management of 
machine learning models throughout their lifecycle.

To ensure that they are reliable, scalable, and can be 
updated and maintained over time.



Mlops is important to ML engineers

Productivity 

Scale 

Reliability 

Future-proof



The main components MLOps should cover

– CONFIDENTIAL –

Data Experiments Models



– CONFIDENTIAL –

Data

The main components MLOps should cover



● Keeping track, managing and organizing constantly 
collected data from various sources.

● Quickly doubling down with the data points that matters.

Data challenges 



● Treat your data like you treat your code:
○ Clear display of different versions
○ Reproducibility 

● Easy collaboration:
○ Comments
○ Pull requests
○ Issues 

Data Versioning





https://docs.google.com/file/d/17Jc5rj8nRxjJIad2rrgqacjOZh2JCSmU/preview




● Clear display of your data
○  Include metadata, annotations, predictions

● Filtering and sorting abilities

● Simple flows to use subsets 

Data visualisations









– CONFIDENTIAL –

Data Experiments Models



– CONFIDENTIAL –

Experiments



● Experiment fast and keep track of changes.

● Communicating progress and results.

Experiments challenges 



● Clear experiments display
○ Hyperparams
○ Metrics
○ Result
○

● Results comparison

● Visual outputs for (not ML) stakeholders

Experiment tracking







The main components MLOps should cover

– CONFIDENTIAL –

Data Experiments Models



The main components MLOps should cover

– CONFIDENTIAL –

Models



● Keep track of your models
○ Access and compare different versions at scale
○ Collaborate

● Reproduce (production)

Models challenges 



● Collaborate effectively 

● Central location to manage and version models at scale

● Easy and intuitive way to deploy production models 

Model registry





General UX tips

● Simplification 
○ Keep things clean
○ Don’t add unused abilities 

● Integrate tools that ML engineers love 

● Think about the flows first  





Noa Goldman noa@dagshub.com

What is your favorite MLOps experience? tell me!


